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=. % Appendix
Z 1, 4 léﬁ' iR S 3R

() 2R [ERAEAERAEY]
ERAEAE RSV PR

What is the difference between supervised and unsupervised learning?

A EEFEY FERLTR . BT R EY 2 § & Supervised learning requires labeled
data, while unsuperv1sed does not

B. 5 EVYREFTHFE 22EFFEY 2 F& Supervised learning requires data
cleansing, while unsuperV1sed does not

C.EEFEVZLPHHcES > LT ENFY 2 F& Supervised learning requires feature
selection, while unsupervised does not

D EE;EYFR 2B DERGYIUFEZ  RATHANFY 2 F & Supervised learning
requires selecting an appropriate algorithms according to one's objective, while unsupervised does
not

(2) ai [T 2]

TG ERY O A AL R RD T F DR
Which of the following statements is correct about the description of the "data preprocessing" step
in machine learning?
A, T w2 ¢ 353E 4% B i 7] Data preprocessing includes selecting an optimal model
B. Tl el 45 /j% “,f # »xeh 3 4 Data preprocessing includes removing invalid data
C. Fll# dL s 3537 i3] eh /28 Data preprocessing includes evaluating the accuracy of a
model
D. FHlw a2 @ 35 %973 Jof I g e ~ §103] ¢ Data preprocessing involves putting all the
collected features into a model

() 2L [ & peif ]

ST S A ﬂﬁ;éé&% HERS RS PATHE 2 IEES 2 £ A K
¢ ARG A EEHA F‘Kv}’fi;]}"% *?5‘;75 rﬁ)ﬁﬁolﬁJ IR e P

The following ﬁgures are the results of classifying the same data by the four different algorithms.
The training data are denoted by red circles and blue triangles, while the purple line represents the
classification model. Which method may have the phenomenon of "overfitting"?

.. o ° .' ° ® .. o ° .. ° ®
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4) 2248 [k32 R %#F]

EESY P R * Tk HREF | 2 AT

What are the benefits of using a "k-fold cross-validation" approach in machine learning?
£ T A3 % % Stabilize Model Evaluation Results

B :f& % #74) endt Fr 5 Improve the accuracy of the model

C. oA a2 U pF R Accelerate the model training time

D. “4cf-$7) up R pF R Accelerate the model testing time
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(S) * i [#3#]

by —*Ff BERFEL AR FMEPCT L FRAFRIFE  FEP 75 LER
o FEFEOER AR LI R o FIFTHRE Y —*Fffr%;zlé RERER Y 2
TR N A Rhg e e ?

Researchers want to explore the core opinions on a certain topic on the Internet, so they widely
distribute an online questionnaire. The questionnaire contains dozens of questions, and the options
for each question range from agree to disagree. After receiving the data, which machine learning
method should the researcher use to find out the differences of opinion centers?

A. & # Clustering B. % # Classification

C. % ETT? Regression  D. B B2 P| Association rules

6) B* 3 [mi-5Y]

B AARSNRFEA R TR EY ) RPRT AT ?

Why do programmers often use "reinforcement learning" to train computers to play games?

A. F]5 2580 E 3 ¥ 2 9%k Because games have environments that can be explored

B. Fls 25k E 5 ¢ = f P F 31 Because games have existing data annotations

C. Fls &8 #7424 cnffF42 5 44 & #2128 Because the process data generated by games is highly
accurate

D. F] 5 25ghac fg p # BT A 531 2 RI3E # Because games can automatically divide the
data into a training set and a test set
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K Nearest Neighbors (KNN, K #8:7% ¥ /%)
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Support Vector Machine (SVM, £ #w» € 1)
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Google Tensorflow Playground
https://playground.tensorflow.org/

74 Data
® iEs Ty (LW)
® =% Noise: 7% 0 B REN
® =t =] Batchsize @ 3% 10 ho
# #c Features
® FaE#H X1 ¥ X2

Ql. " & +* %] Ratio of training totestdata (F & = > )
C )90%F ~80% =+ ~70%%=+%+ ~60%=+ ~50% (3¢

Bl (B2l %- &)

Q2. *2 & & Hidden Layers D& - K o4 A neuron #E
F-k () BHYE

¥k () BA ;;u

F2k () BHgE~

Frk () B g~

FI Rk () BHER

$ok () #ilea

A5k (Fet>)

Q3. & % & Learning rate

()01 12+ ~0.03 (3% )~0.01 ~0.003 127F

Q4. oz Sndic Activation (function)
() Relu > Tanh (5g% ) ~ Sigmoid ~ Linear

B AR (e +72)
Q5. B 2 RI3F4E 4 & Test loss

) ~ o3 50%
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Q6. B E ' 4p 4 & Training loss
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